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Abstract

Tit] Using Deep Learning to Generate Textures for 3D Models
itle
Author Yitong Chen
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[summary]

In recent years, 3D modeling has brought about innovative changes in many industries,
especially in the realms of game development and business. Companies are leveraging
this technology to create new value across a wide range of applications, from product
prototyping to marketing. In the field of game development, for instance, developers
are focusing on creating immersive game environments. This is essential for providing
players with a realistic experience and deeply engaging them in the game world. How-
ever, the pursuit of realism requires high-quality 3D model textures, which often entails
considerable cost and time.

Against this backdrop, there is consideration for using deep learning to automate
texture generation, conducting research in this area. Traditional studies have involved
using vast amounts of data and lengthy learning phases to train deep learning models
to generate high-quality image data.

This study aims to automate texture generation using deep learning, utilizing the
FAMOS method as a base for generating textures. However, there are issues that make
it unsuitable for direct use in the verification stage. The method we base our study
on involves collecting two types of learning data: content images and template images,
and performing preprocessing. Additionally, we address certain problems in generating
content images, adapting the input and output parts of the processed learning data for
training. The evaluation of the generated images will be conducted through surveys, and

the scores obtained will be analyzed using t-tests to determine significant differences.
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